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I. INTRODUCTION
The events in emerging markets (EMs), following the "tapering" talk around mid 2013, and subsequent market jitters, served as a reminder that capital flows to and asset prices in EMs are still subject to substantial volatility. For many, this came as a surprise, given that compared to the 1990s, EM financial assets have matured and are now considered an established asset class. Indeed, the landscape of portfolio investment in EM economies has evolved considerably since the late 1990s in terms of investment opportunities and the global investor base.
EM financial markets have become deeper and more interconnected. In the 1990s, EM investment largely meant equity investing through dedicated EM funds (Bekaert and Harvey, 2013) . This has changed substantially in the 2000s, and the role of bond flows has grown strongly. The development of local-currency bond markets has meant that many foreign investors participate directly in local markets. Concomitantly, several EMs have overcome the "original sin" problem-the inability for EMs to borrow from foreigners in their own currencies.
The mix of global portfolio investors has also changed. More money around the globe is intermediated by mutual funds, reaching about USD 30 trillion in 2013 (Investment Company Institute, ICI, 2014) . Unlike other types of investors, such as pension funds and insurance companies, many of these funds are open ended. End investors can easily and quickly redeem their investments, forcing funds to sell underlying assets.
2 Moreover, since the late 2000s, a rising share of EM investment is channeled through exchange traded funds (ETFs) . 3 The importance of so-called crossover investors (whose portfolio includes both developed market (DMs) and EM assets) has also risen considerably. Insurance companies and pension funds (with about USD 50 trillion assets globally, IMF, 2014a) remain important EM investors, though their relative size has declined somewhat compared to the faster-growing mutual fund industry (IMF, 2011) . More recently, many sovereign wealth funds have expanded their portfolio to include EM assets.
Different types of mutual funds, pension funds, and insurance companies are likely to behave differently owing to distinctive mandates, constraints, EM expertise, and incentives. For instance, dedicated EM funds are constrained to invest only in EMs and are more likely to have better EM expertise than crossover funds. Institutional investors-defined in this paper as including among others pension funds, insurance companies, and sovereign wealth funds (but excluding mutual funds or ETFs)-usually are not subject to potential rapid redemptions from their clients. 4 However, institutional investors are often required to invest in assets with investment-grade ratings and pursue buy-and-hold strategies. In fact, there is anecdotal evidence that different investors behaved differently during the EM sell-off episode in 2013 and early 2014. 5 Against this backdrop, this paper tries to assess the effects that these changes in the composition of mutual fund investors imply for the volatility of capital flow to EMs. We do this by systematically investigating the behavior of different types of mutual funds active in these markets. 6 To this end, we first establish how different types of mutual funds react to global financial shocks. Next, we attempt to identify the types of funds that are more likely to engage in return chasing, a behavior that can be destabilizing. Finally, we look into some of the drivers of the differences. In particular, we investigate the role of flows from end investors, and contrast it with the role of portfolio managers.
Our approach sheds new light on key aspects of capital flows to EMs. Most of the existing literature focuses on total capital flows and their aggregated sub components. Although that type of analysis is useful to identify macroeconomic push-and pull factors, it does not allow to assess the impact of structural changes in the investor composition. Our study is one of the few papers that examine the behavior of investors in emerging markets at the micro level. 7 For this effect, the study uses monthly data on roughly 1,100 equity funds, from February 1996 to September 2013, and 200 bond funds, from November 2003 to September 2013.
Five key findings stand out. First, bond funds are substantially more sensitive to global financial shocks and engage more strongly in momentum trading (that is, they are more sensitive to past returns) than equity funds. Second, the relatively newer local-currency bond funds do not behave very differently from foreign-currency bond funds. Third, flows from retail-oriented funds, openend funds and, contrary to conventional wisdom, dedicated EM funds are more sensitive to global financial shocks. The sensitivity of portfolio flows also differs by fund size, domicile, and style. Fourth, momentum trading is more prevalent among funds that also show a high sensitivity 4 Kaminsky, Lyons, and Schmukler (2004) , for instance, emphasize that the volatility of open-end mutual fund investment in EMs is significantly driven by ultimate investors rather than by the decisions of fund asset managers. 5 See, for example, Financial Times (2014a). 6 In this paper, we focus on behavior across different types of mutual funds. Our work in IMF (2014) complements this paper and analyzes the difference between mutual fund investment and institutional investment, using proprietary data of a custodian bank (Bank of New York Mellon) covering a broad range of institutional investors.
7 Hau and Lai (2012) show that fire sales by open-end funds played an important role in the transmission of the global financial crisis from financial stocks to non-financial stocks. See also Raddatz, Schmukler, and Williams (2014) , Gelos (2011), and Broner, Gelos, and Reinhart (2006) . to global financial conditions. Finally, differences in volatility of flows from end investors play a key role in explaining these patterns. 8 Overall, these results suggest that the rising share of bond flows in recent years may have made total portfolio flows to EMs more sensitive to global financial conditions, and more procyclical.
The rest of this paper is organized as follows. Section II describes the data and overviews fund flows by their types. Section III describes the regression specifications and presents the results. Section IV concludes.
II. OVERVIEW OF PORTFOLIO FLOWS FROM MUTUAL FUNDS

A. Data Description
Our mutual fund data source is EPFR Global, with a coverage of US$22 trillion in total assets as of the end of 2013. 9 The database covers a very large fraction of U.S. and European investment funds, among others, and provides their basic characteristics such as investment styles, domiciles, benchmarks, and geographic focus. 10 We use EPFR Global's monthly data with information at the fund level, including on assets under management (AUM), inflows and outflows (redemptions), and asset allocation by country. Based on this, we estimate the flow from each fund to each country, adjusting for valuation effects.
The data cover a broad range of EMs and a relatively long time horizon. Our sample includes current and former EMs since many countries currently considered advanced economies were classified as EMs earlier in our sample period (Table 1) . 11 The data contain around 74,000 fundcountry-month observations from November 2003 to September 2013 for bond funds and around 470,000 observations from February 1996 to September 2013 for equity funds.
12 Tables 2 and 3 show the distribution of the data by fund type and domicile. India  78  11  850  627  46  28,831  Indonesia  144  33  4,701  576  46  26,575  Israel  ---374  34  12,791  Latvia  28  7  209  10  17  172  Lithuania  50  24  1,217  6  27  160  Malaysia  140  26  3,708  533  48  25,842  Mexico  163  35  5,752  487  48  23,377  Nigeria  49  20  998  58  21  1,229  Pakistan  42  19  813  90  33  2,932  Peru  130  34  4,458  293  37  10,740  Philippines  91  40  3,621  454  37  16,678  Poland  128  26  3,377  370  45  16,645  Romania  45  11  501  59  20  1,208  Russia  144  34  4,889  544  45  24,514  Serbia  56  17  939  3  10  29  South Africa  136  27  3,634  479  40  18,944  Sout Korea  ---674  53  35,657  Sri Lanka  51  20  1,003  60  42  2,547  Taiwan, P.C.  ---634  53  33,763  Thailand  60  17  1,032  572  49  28,061  Turkey  133  33  4,413  417  46  19,280  Ukraine  83  34  2,804  107  15  1,649  Vietnam  39  25  960  31  24 Finally, during some distress episodes, equity flows from institutional investors were more resilient than those from retail investors. 15 This is also true for bond funds during most crisis episodes, except for the global financial crisis. These observations are in line with the notion that institutional investors do not change their investment strategies frequently and are therefore less sensitive to short-term market fluctuations. Note: The lines in the figure represent the log differences of the gross cumulative flows of bond and equity funds to all EPFR-defined emerging markets economies between period t and end 2010, multiplied by 100. EPFR estimates these aggregate flows by taking the product of sample funds' country allocation weights and end investors' flows to funds. Cumulative flows are calculated by chaining the flow-toassets under management ratio in order to adjust the effects from the expansion of the database to cover more funds over time. For the same reason, we use cumulative flows rather than assets under management to see the change of the relative size of various mutual fund segments. 15 These episodes include the Asian crisis in 1997, the Russian crisis in 1998, the global financial crisis starting in 2007, the European debt crisis in 2011, and the tapering episode in 2013. Note: The lines in the figure represent the log differences of the gross cumulative flows of bond and equity funds to all EPFRdefined emerging markets economies between period t and end 2010, multiplied by 100. EPFR estimates these aggregate flows by taking the product of sample funds' country allocation weights and end investors' flows to funds. Cumulative flows are calculated by chaining the flow-to-assets under management ratio in order to adjust the effects from the expansion of the database to cover more funds over time. For the same reason, we use cumulative flows rather than assets under management to see the change of the relative size of various mutual fund segments. In our database, there are only a few actively managed exchange traded funds and most of the passively managed funds are exchange traded funds, therefore, we bundle passively managed funds and exchange traded funds together in the figure. 
III. REGRESSIONS AND RESULTS
In this section, we examine more systematically the sensitivity of country flows to global financial conditions and past returns, by estimating fund-level panel regressions. Since the literature suggests that bond and equity flows behave differently, we run separate regressions for bond and equity funds. 16 In a second step, we focus on differences in sensitivities to global shocks across different types of bond-and equity funds.
A. Behavior of Bond and Equity Funds
What, if any, are the differences in the drivers of flows between bond and equity funds? We explore this question by estimating the following model with monthly data:
where Flow i,j,t is the ratio of the capital flow from fund i to country j to the AUM of fund i (see Appendix). The first explanatory variable, Global t , is a factor representing global financial conditions. The expected sign of the coefficient  1 is negative because an increase in a global factor (a deterioration of global financial conditions) is likely to result in more capital outflows. Return i,j,t-1 is the lagged return of fund j in country i, and signals return chasing, which could lead to more procyclical and volatile capital flows. 17 To identify this effect more clearly, we separate the impact of the global factor from that of lagged country returns by using the residual of a regression of the latter on the global factor. ICRG j,t is the first difference of the ICRG (International Credit Risk Guide) composite country risk rating and is a proxy for changes in local macroeconomic conditions. 18 Finally, RID j,t-1 is the real interest rate differential relative to the 1-month U.S. Eurodollar deposit rate and tries to capture search-for-yield by global investors.
The model also includes country-fund fixed effects  i,j . A detailed description of the variables is provided in the Appendix. We estimate the model using several global factors. We first use the VIX (Chicago Board Options Exchange Market Volatility Index), the implied volatility index for the S&P 500. 16 See Forbes et al. (2012) , Fratzscher (2012) , Raddatz and Schmukler (2012), and Puy (2013) . 17 Typically, return chasing consists of buying past winners and selling past losers and is an apt description of the behavior of end investors when selecting mutual funds (see, for instance, Zheng, 1999 , Bollen and Busse, 2005 , and Frazzini and Lamont, 2008 . We extend this concept to capital flows from mutual funds to EM asset returns. Return chasing of capital flows from mutual funds could stem from both fund managers' asset allocation decisions and end investor's behavior to chase funds' returns. In this vein, Edelen and Warner (2001) show that aggregate mutual fund flows follow market returns in the U.S. equity markets; they also find that high mutual fund investment flows into securities affect their prices and returns, possibly indicating positive feedback effects between flows and asset prices.
18 Although unlikely, it is possible that mutual fund flows affect a country's risk standing. In order to dispel endogeneity concerns, we alternatively estimated (1) using lagged ratings. Our results are robust.
Although commonly used (see Forbes et al. 2012 , Bruno and Shin, 2012 , and Forbes and Warnock, 2012 , the VIX is an imperfect measure of global risk. For instance, the VIX remained at a historically low level following the "tapering hint" of U.S. Fed in early 2013. Given these shortcomings, as a robustness check, we use three other variables to capture different dimensions of global risk: the TED spread, a measure of market liquidity; the Merrill Option Volatility Expectations Index (MOVE), which captures uncertainty about future U.S. Treasury rates; and the volatility of Eurodollar futures as a proxy for near-term uncertainty about U.S. monetary policy (see also IMF 2014b). These global factors are positively correlated, but the correlations are not all very large, and are not constant over time (Figure 4 and Table 4 ).
The results from the baseline estimation shown in Table 5 suggest that bond funds are much more sensitive to global financial shocks and engage in "return chasing" more strongly than equity funds. The coefficients on the VIX and the index return are statistically significant in all regressions. However, the estimated coefficients of the regressions for bond funds are much larger than those in the regression for equity funds (in absolute value), and the difference is statistically significant. This result is robust when a common sample is used for the regressions of equity and bond funds. The results are also robust to the use of alternative global factors (Table 6 ). In addition, although not reported here, very similar results are obtained when adding a measure of financial openness (Chinn and Ito 2006, Lane and Milesi-Ferretti 2007) . In line with our estimation results, the bond flows from mutual funds dropped more strongly than equity flows during the market turbulence episode triggered by the uncertainty about U.S. monetary policy in mid-2013 (Figure 1 ).
The estimated coefficients are economically significant. For instance, the estimates imply that an increase in the VIX similar to that of the last four months of 2008-roughly 50 percent-leads monthly bond flows to drop by 7.5 percent of AUM. This compares to average monthly bond flows of one percent of AUM, between 2003 and Given that the share of bond funds is rising, the estimation results imply that portfolio flows to EMs are likely to become more sensitive to global financial shocks. This result has considerable implications for capital flows as a whole for the following reasons. First, portfolio flows, as well as banking flows, are more volatile than foreign direct investment and have played important roles in the volatility of total capital flows. Second, the share of portfolio flows has risen while that of banking flows has declined in recent years, partly because the deleveraging at European banks. In fact, the surge of capital flows to EMs since the global financial crisis has largely been led by portfolio bond flows. 
B. Portfolio Flows and Other Fund Characteristics
Next, we investigate whether different types of funds respond differently to changes in global factors by estimating a regression similar to (1), augmented by one fund characteristic at a time:
, , , 
where Chara i,t-1 is a dummy variable that takes the value of one when fund i has a certain characteristic of interest and zero otherwise. We use the interaction term of Chara i,t-1 and 
where Chara k,i,t-1 is a dummy variable that takes one when fund i is of type k, and zero otherwise. For equity funds in model (3), the reference group consists of funds that are medium sized, sold to retail investors, open-end, actively managed, not ETFs, domiciled in the United States, and with a global EM focus. For bond funds in model (3), the reference group is further restricted to hard-currency bond funds. However, the geographic-focus and currency-focus dummies are highly correlated, causing a multicollinearity problem. 21 Thus, we estimate two variations of the model (3) with multiple fund characteristic dummies for bond funds; one without currency focus dummies, and another without geographic focus dummies.
The analysis reveals interesting differences across types of funds. Table 7 reports the estimated coefficients of the interaction term between the VIX and fund characteristics (results for models (2) and (3) are in the "Single" and "Multiple" columns, respectively). A negative sign indicates that flows from funds with certain characteristic in one type category (for instance, global funds) but otherwise with the characteristics of the reference group decline more than those from funds in the reference group when the VIX increases. Many estimated coefficients are statistically and economically significant and the results are generally robust to alternative global factors (see Appendix Tables 1, 2, and 3). 22 We can summarize the main findings as follows.

Country flows from funds geared toward institutional investors tend to be less sensitive to changes in global risk aversion than those from retail-oriented funds. This is in line with the results reported in IMF (2014a) and consistent with institutional investors focusing on long-term performance and retail investors being more fickle.
As expected, closed-end fund flows are less sensitive to changes in global risk factors than open-end funds, as they are not subject to redemptions by end investors. Hence, the decline of closed-end funds relative to open-end funds over the past two decades has probably increased the sensitivity of EM capital flows to global financial conditions.  For bond funds, flows from active non-ETFs are more sensitive to global financial shocks than passive ETFs whereas for equity funds, there is no strong evidence that flows from ETFs react more to global financial shocks than other types of funds.
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Therefore, we do not find strong support for the claim that recent rise of ETFs has increased capital flow volatility or intensified EM sell-offs during 2013 and 2014 (see Financial Times, 2014b).
 Somewhat surprisingly, global funds are more stable sources of capital flows than dedicated EM funds. This is contrary to the widely-held perception that crossover funds are a more volatile source of funding for EMs, because their fund managers can reallocate their portfolios completely away from EMs. This result holds even after controlling for fund size. It is possible that the behavior of end investors -which could differ for global and dedicated funds -is driving the result. This point is examined in Subsection D.
 Portfolio flows from local currency bond funds do not seem to be more sensitive to global financial shocks than those of hard currency bond funds. In principle, investment in newer products, such as local currency EM debt, should be more sensitive to global factors than that in more seasoned products like hard currency EM bonds. The fact that investment opportunities in local currency bond markets are still limited to relatively more mature and larger EMs is a likely explanation for this result.
 Small bond and equity fund flows are more sensitive to the VIX, in line with the notion that the presence of large investors can make smaller traders more aggressive in their selling (Corsetti and others 2004) .

Flows of funds domiciled in the United Kingdom and the United States are less sensitive to changes in global factors than offshore funds and other European funds. This may reflect the fact that the VIX, the measure of global risk used in these regressions, is more closely related to economic conditions in the United Kingdom and in the United States. In that case, EM assets may provide an important diversification benefit for British and American investors.
Table 7. Estimation Results: Sensitivity of Bond and Equity Flows vis-à-vis the Global Factor by Type of Funds
Note: The table reports the estimated coefficients on the interactions between the VIX (the Chicago Board Options Exchange Market Volatility Index) and fund characteristic dummies. "Single" corresponds to the estimate of each regression with a single characteristic dummy, which is represented in (2). "Multiple" corresponds to the estimates of a regression with multiple characteristic dummies, which is represented in (3). The reference group for model (3) consists of medium-sized open-end funds (excluding exchange traded funds) sold to retail investors, actively managed, domiciled in the U.S., and investing in emerging markets globally (in hard currency in case of bond). This is why the rows for these characteristics in "multiple" columns are empty. ***, **, and * indicate statistical significance at the 1, 5, and 10 percent levels, respectively. Inference is based on Driscoll and Kraay's (1998) robust standard errors.
The main results listed above hold when we allow for differences across fund types in the reaction to variables other than the global factor (Appendix Table 4 
The results are broadly comparable to those reported in Table 7 .
C. Which Types of Funds Engage in Return Chasing?
Which funds have a stronger tendency to buy past winners and sell past losers? We use model (4) to investigate this question. A positive coefficient for the interaction term between the fund characteristic dummy and the country's asset return would imply more return chasing (momentum trading) by those funds.
The results are reported in Table 8 . They show that return chasing is often prevalent among funds that are relatively more sensitive to the VIX. For instance, return chasing is more prevalent among open-end funds than among closed-end funds, as well as among EM regional funds (compared to global or crossover funds). In addition, offshore funds and funds from continental Europe engage more in momentum trading than U.K. funds.
There are, however, important exceptions, especially among bond funds. For example, momentum trading seems to be more prevalent in bond funds with institutional investors' money relative to retail funds. This result does not seem fully consistent with the result reported in IMF (2014a), which shows that institutional investors do not engage in momentum trading. The difference may lie in the source data for funds; the institutional investors reported in EPFR Global's mutual fund database are not necessarily the same as those captured by the custodian data from Bank of New York Mellon (used in IMF, 2014a).
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24 The data are collected by the bank in its role as a custodian for many large institutional investors domiciled in many jurisdictions throughout the world, which include pension funds, insurance companies, and some official reserve funds from various countries, among others. 
D. Roles of End Investors and Fund Managers
Existing investments, their returns, and in-and outflows from mutual fund shareholders determine the size of investible resources for any given fund. The managers of the fund determine how to allocate those resources across assets, within the fund's mandate. By looking at fund-level country flow data, we can discern the direct influence of ultimate investors and fund managers on the behavior of investment flows.
We apply the analysis of Raddatz and Schmukler (2012) to our data set. They essentially decompose the flow from each fund to each country as:
, , ,
where
Flow is the flow from ultimate investors to fund i (expressed as a the ratio to the total AUM of the fund). The first term of the equation corresponds to the contribution of ultimate investors, while the second is the contribution of managers. If the manager always allocates flows from ultimate investors to EMs to keep portfolio weights constant, Flow i,j,t = Flow i,t holds and the flow to each country Flow i,j,t can be explained only with the first term. On the other hand, if the manager changes allocation weights, the second term also plays a role. Raddatz and Schmukler (2012) calculate the share of the total variance of flows that can be attributed to each component for active, passive, equity, and bond funds. We calculate the standard deviation of the ratio of the flow from ultimate investors to the total AUM and the share of the total variance that is attributable to the flow from ultimate investors, for many varieties of funds.
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The results confirm that differences in the stability of flows from ultimate investors are behind the observed cross-fund heterogeneity of portfolio flows. In particular, funds that have more stable ultimate investor flows are generally less sensitive to global financial conditions and display a weaker tendency to engage in return chasing. For instance, when compared to all other funds, global bond funds are less sensitive to global factors (the estimated coefficient  2 in (2) is positive-0.150-and highly significant; see Table 7 ) and past returns (the estimated coefficient  5 in (4) is negative--0.025-and significant; see Table 8 ). Global bond funds also have less volatile end-investor flows (a standard deviation of 5 percent compared to over 7 percent for global EM funds and EM regional funds), and have a smaller fraction of their variance explained by such flows (only 17.1 percent Table 9 ).
Table 9. Stability of End Investor Flows-Variance Decomposition
Note: "Standard deviation" is the standard deviation of the ratio of the flow from ultimate investors to a fund to the total assets under management of the fund. "Share of variance" is the share of the total variance of the flows from funds to EMs that can be attributed to the flows from ultimate investors. The share is obtained by taking the variance of components corresponding to flows from ultimate investors and to allocation changes of fund managers at the country-fund level, averaging it across country-fund pairs, and dividing the averaged variance corresponding to flows from ultimate investors by the sum of the averaged variances (the covariance term is ignored). The standard deviations and variances are calculated only for country-fund pairs for which at least five time-series data are available. Here, small (large) funds are defined as funds that have been categorized as small (large) funds in more than a half of the available data. 
IV. CONCLUSION
We have examined the behavior and determinants of mutual fund flows to emerging markets in the last two decades, against the backdrop of substantial changes in the landscape of portfolio investment in EM economies, both at the level of the global investor base and in local financial markets. To shed light on the impact of some of these structural changes, we have conducted a detailed examination of the behavior of different types of funds at the microeconomic level. In particular, we have investigated how different types of funds react to changes in global financial conditions, the extent to which they engage in return chasing, and the relative importance of end investors in driving this behavior.
We find that the "maturing" of the EM asset class seems to have made capital flows more volatile, more sensitive to global financial conditions, and more procyclical, despite much more solid macroeconomic fundamentals in EMs. In particular, bond funds, which have substantially gained in importance in the intermediation of funds to EMs, are relatively sensitive to global factors, and engage relatively more in momentum trading.
However, we do not find support for the widely held view that the growth of crossover funds, ETFs, and local currency bond funds are making EM portfolio flows more sensitive to global financial conditions. In part, the lower sensitivity of crossover funds seems to be attributable to lower fluctuations of flows from ultimate investors. Interestingly, funds also differ in their behavior depending on their domicile: those located in the United Kingdom and in the United States are less sensitive to changes in the VIX than funds domiciled elsewhere. These issues warrant further research.
Overall, given the observed differences in behavior across funds, from a recipient's country perspective, knowing one's investor base (including end investors) is important. Understanding and diversifying the investor base, possibly by working closely with asset managers, can help EM countries mitigate the volatility risk associated with international capital flows while reaping the benefits from financial globalization.
APPENDIX I. EPFR GLOBAL MUTUAL FUND FLOWS DATA
EPFR Global covers about 11,000 equity funds and about 4,500 bond funds, with a combined US$22 trillion in total assets as of the end of 2013. According to EPFR Global, its data track more than 95 percent of EM-focused bond and equity funds. Most of them are mutual funds and ETFs, though the database includes limited number of hedge funds. The share of U.S. investment in EMs covered by EPFR Global is around 58 percent for equities, and more than 42 percent for bonds as of the end of 2012.
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The database covers primarily mutual funds, and does not cover all the investment fund flows nor capital flows intermediated directly by institutional investors, and therefore it may not provide the full picture of macro level portfolio flows. However, these coverage issues are of little concern for our analysis. This is because we focus on differences across different types of mutual funds to understand aggregate dynamics. Although funds not covered by EPFR Global may tend to investors that can behave differently, it is unlikely that their inclusion would affect our results.
EPFR Global's high-frequency reporting (monthly for funds' asset allocation by country as well as daily and weekly data for selected indicators from sub-samples of funds) is also an advantage compared to quarterly or annual data. Moreover, data recording methods of EPFR Global are better suited for our purpose than the Balance of Payments (BoP) or Coordinated Portfolio Investment Survey (CPIS). EPFR Global records transactions on nationality basis, while the BoP and CPIS report on residency basis. 27 The CPIS also misclassifies some bond fund flows as equity flows (Felettigh and Monti, 2008) .
A. Portfolio Flows to Each Country from Each Fund
Portfolio flows to each EM from each fund need to be calculated from asset allocation data, adjusting for their change owing to the changes of portfolio assets' value. For this, we assume that the asset returns are well approximated by country index returns, following Gelos and Wei (2005) . The flow-to-AUM ratio of fund i for country j at month t is calculated as:
, , , , , 1 , 1 , ,,
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The U.S. investment is from the U.S. Treasury International Capital System. Here, EM economies are those listed in Table 1 . 27 For instance, if a corporate of an EM economy issues bonds through its London subsidiary, EPFR Global treats the bonds as the liability of an entity in the EM economy, but the BoP and CPIS treat as the liability of a U.K. entity, which is problematic to explain the behavior of the EM company. See Shin (2013) for this issue.
where w i,j,t is the allocation weight at the end of month t, A i,t is the AUM at the end of month t, and r j,t is the index return from t-1 to t. The estimated flow to a country from a fund in a month is normalized by the average of the assets allocated to the country at the beginning and end of the month. As indexes, we use the MSCI for equity funds, the GBI-EM for local currency bond funds, and the EMBI Global for other bond funds. Since the GBI-EM is a local currency index, we adjust its returns using bilateral exchange rates to obtain U.S. dollars-denominated returns.
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B. Explanatory Variables
Global. The VIX is the implied volatility index for the S&P 500 as reported by the Chicago Board Options Exchange. The TED spread is defined as the three-month Eurodollar deposit rate minus the three-month Treasury bill rate. The MOVE is the average implied volatility across a wide range of outstanding options on U.S. Treasuries. The volatility of Eurodollar futures is the realized volatility calculated using daily changes in the Thomson Reuter's futures continuous series index of the 9th three-month futures in the corresponding month and annualized by multiplying with the square root of 250. We use the end of month data for the VIX, the TED spread, and the MOVE.
Return. The country index return is calculated as excess dollar returns of relevant indices (namely, bond index for bond flows and equity index for equity flows) over one month U.S. Eurodollar deposit rate. We use the MSCI for equity funds; the U.S. dollars-denominated GBI-EM for local currency bond funds; and the EMBI Global for other bond funds. We use one-month lagged return to mitigate the endogeneity concern. We also take three-month moving averages since it is plausible that flows respond to the past returns with a lag of several months (see, for instance, Jegadeesh and Titman, 1993) . Since the individual country index return is somewhat correlated with the global factor, we use its orthogonal component relative to the VIX or the relevant global factor.
ICRG. The ICRG composite country risk rating is based on 22 variables, covering political, financial, and economic risks. A higher rating means a lower risk.
RID. The one-month-lagged real interest rate differential calculated as the difference between the local short term interest rate with a maturity of around one month and the U.S. short term interest rate minus the difference in the one-year-ahead forecasts of CPI inflation from Consensus Forecasts.
C. Definition of Mutual Fund Characteristics
We classify funds according to the following categories: Note: The table reports the estimated coefficients on the interactions between the TED spread (the three-month Eurodollar deposit rate minus the three-month U.S. Treasury bill rate) and fund characteristic dummies. "Single" corresponds to the estimate of each regression with a single characteristic dummy, which is represented in (2). "Multiple" corresponds to the estimates of a regression with multiple characteristic dummies, which is represented in (3). The reference group for model (3) consists of medium-sized open-end funds (excluding exchange traded funds) sold to retail investors, actively managed, domiciled in the U.S., and investing in emerging markets globally (in hard currency in case of bond). This is why the rows for these characteristics in "multiple" columns are empty. ***, **, and * indicate statistical significance at the 1, 5, and 10 percent levels, respectively. Inference is based on Driscoll and Kraay's (1998) Note: The table reports the estimated coefficients on the interactions between the MOVE (the Merrill Option Volatility Expectations Index) and fund characteristic dummies. "Single" corresponds to the estimate of each regression with a single characteristic dummy, which is represented in (2). "Multiple" corresponds to the estimates of a regression with multiple characteristic dummies, which is represented in (3). The reference group for model (3) consists of medium-sized open-end funds (excluding exchange traded funds) sold to retail investors, actively managed, domiciled in the U.S., and investing in emerging markets globally (in hard currency in case of bond). This is why the rows for these characteristics in "multiple" columns are empty. ***, **, and * indicate statistical significance at the 1, 5, and 10 percent levels, respectively. Inference is based on Driscoll and Kraay's (1998) Note: The table reports the estimated coefficients on the interactions between the volatility of Eurodollar futures and fund characteristic dummies. "Single" corresponds to the estimate of each regression with a single characteristic dummy, which is represented in (2). "Multiple" corresponds to the estimates of a regression with multiple characteristic dummies, which is represented in (3). The reference group for model (3) consists of medium-sized open-end funds (excluding exchange traded funds) sold to retail investors, actively managed, domiciled in the U.S., and investing in emerging markets globally (in hard currency in case of bond). This is why the rows for these characteristics in "multiple" columns are empty. ***, **, and * indicate statistical significance at the 1, 5, and 10 percent levels, respectively. Inference is based on Driscoll and Kraay's (1998) 
